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Abstract:

This research aims to advance the use of Large Language Models (LLMs) in structurally optimizing machine
learning and deep learning models. Central to this approach is the integration of LLM-driven insights into
the model design process, with a specific focus on exploring LLMs' ability to identify and propose innovative
architectural patterns. This exploration aims to challenge and extend the limits of conventional model
design, including the development of novel structures and functional blocks, as well as optimizing
hyperparameters, tailored to specific dataset characteristics and performance goals. The expected outcome
is a more efficient methodology, characterized by significant enhancements in model efficiency, accuracy,
and adaptability across various domains, while also reducing energy consumption during training. The
research will propose and validate this methodology through comprehensive experiments. The anticipated
results promise to enrich the scientific community with new approaches and methodologies, offering
valuable insights and practical prompts for LLM applications in this field.
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